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Abstract
Creating and developing purchase intention in social media is an important strategic goal for businesses.
Marketers, in particular, feel the need to invest in consumer-brand engagement (CBE) in social media
marketing more than ever before as social media platforms are available for consumers to socialize and
interact with each other. However, current research in marketing provides little guidance to marketers
how brand pages in Facebook can be leveraged to engage customers and create purchase intention for the
brands. Toward filling this gap, the present research examines the customer’s brand engagement-purchase
intention link with the mediating role of customer’s information motivation in social media. Using data
from 298 surveys of brand pages are analysed in partial-least squares (PLS) structural equation modelling
(SEM). The research fills a gap in the literature through its analysis of the mediating role of information
motivation of consumers in the relationship between customer-brand engagement and purchase intention
in social media. The specific strategies, and the implications of this research for theory and practise are
discussed.
© 2017 Published by Future Academy www.FutureAcademy.org.UK
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1. Introduction
As social media networking has expanded dramatically in the past decade, emphasis in social
media marketing among marketing practitioners and scholars has grown rapidly worldwide. Companies
become more active in including social networks such as Facebook, as part of their marketing
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communications, thus they have turned their interest to questions regarding the customers’ purchase
intention: Can social media marketing activities create customers’ purchase intention.
Researchers have explored some benefits of social media marketing activities. They describe
“ social media” as a series of both hardware and software technological innovations (Web 2.0) that help
creative online users' inexpensive content creation, interaction, and interoperability (Berthon et al. 2012).
The major structure of social media as a platform for consumers to interact with and influence one
another has a more direct impact on Facebook brand pages, and it produces higher response rates and
greater customer engagement than traditional marketing methodologies that focus only on firm–consumer
relationship (Trusov, Bucklin, and Pauwels, 2009).
Customer-brand engagement (CBE) is a recent concept in the marketing literature growing in the
domain of relationship marketing. CBE has been gained the importance in the social media environment,
and there is an interest in how brands can leverage new media and online social communities on
platforms such as Facebook, Twitter or YouTube to engage and collaborate with customers due to social
media’s multi-dimensional, two-way peer-to-peer communication properties (Yan, 2011; Jahn and Kunz,
2012; Brodie et al, 2013; Hutter et al, 2013).
There has been significant growth in the adoption and use of brand pages found on the Facebook
social networking platform by consumers to communicate with their favorite brands and with one another.
In this sense, consumers are becoming pivotal authors of brand stories through the easy sharing of brand
experiences due to the triad of communication arising from new dynamic networks among consumers and
brands formed through social media (Gensler et al, 2013).
The construct of purchase intention (PI) as indicator of customer loyalty has always interest from
both academics and practitioners. This is because customer loyalty is an important asset in today’s
intensely competitive environment (Keller, 2001; Brodie et al, 2011).
In recent years, there has been greater emphasis on CBE in branding and relationship marketing,
which has been argued to act as a vehicle for enhancing consumer relationship. CE can be defined as a
psychological state reflecting customers’ interactive, co-creative experiences with a brand, which
highlights the active role of consumer (Brodie et al, 2011).

2. Foundations of the study
2.1. Brand Engagement
Brand engagement (BE) can be expressed as a composite of experiential and social dimensions
(Gambetti et al., 2012; Verleye, Gemmel, and Rangarajan, 2014). Customer-Brand engagement (CBE)
can be defined as “the level of an individual customer’s motivational, brand-related and contextdependent state of mind characterised by specific levels of cognitive, emotional and behavioural activity
in direct brand interactions” (Hollebeek, 2011, p. 790). This research concentrates on the “social
dimension” of CBE (Gambetti et al., 2012, p. 681).
Facebook permits consumers to interact with brands, and thus with others who share the same
brand preferences (Hollenbeck and Zinkhan, 2006). On Facebook, self-identity is created through
consumers’ definitions of themselves, and how they attach to others within a network (Schau and Gilly,
2003). Consumers who select “like” for a brand may do so to allow that brand to express their ideal or
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actual selves (Ahuvia, 2005; Trusov et al., 2010). We draw on Sprott et al. (2009), who considered the
role of brand engagement in the self-concept, as consumers’ propensity to include brands as part of how
they view themselves. On Facebook, consumers engaging with brands, state they “like” them to build part
of their online self-expression (Lipsman et al., 2012; Trusov et al., 2009).
2.2. Information Motivation
Motivation can be defined as goal-directed arousal (Park and Mittal 1985). In the current context,
the goal is restricted to the processing of brand information. Thus, motivation is defined as consumers'
desire or readiness to process brand information in an ad. That view is consistent with recent definitions
such as readiness (Burnkrant 1976; Burnkrant and Sawyer 1983; Moorman 1990), willingness (Roberts
and Maccoby 1973), interest (Celsi and Olson 1988), and desire (Petty and Cacioppo 1986) to process
infor-mation in a persuasive communications context. Though slightly different, those terms each suggest
heightened arousal to process external stimuli such as brand in-formation. High motivation implies that
consumers are willing to allocate processing resources to brand information in an ad.
2.3. Purchase Intention
Venkatraman and Ramanujam (1986) offer a two-dimensional classification scheme for evaluation
of performance. On the one hand, they differentiate financial and operational indicators, and on the other
hand, they distinguish between primary and secondary source of information (Falk, 1997). While
financial measures are related to accounting measures and economic performance (e.g. profit, sales),
operational measures are related to operational success factors that might lead to financial performance
like customer satisfaction, quality, market share or new product development (Hirschman and Holbrook
1982; Venkatraman, and Ramanujam, 1986). From the point of the view of the source of information,
data for primary measures is collected from organization while data for secondary measures are collected
from external or derivative databases. Another classification distinguishes between objective and
subjective measures. Objective measures refer to performance indicators impartially quantified. They are
usually financial indicators obtained directly from organizations through secondary sources. On the other
hand subjective measures refer to the judgmental assessment of internal or external respondents. They
usually cover both financial and operational/commercial indicators.

3. Conceptual Model and Hypotheses Development
The conceptual model to study the effects of the mediation role of information motivation in the
relationship between consumers’ brand engagement and purchase intention is presented Fig.1. The model
has one antecedent; brand engagement; one mediation variable, information motivation and the outcome
variable purchase intention intentions.
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Information
Motivation
(IM)
H1

H3

Customer-Brand
Engagement
(CBE)

Purchase
Intention
(PI)
H4

H2 = CBE → IM → PI

Figure 01. Conceptual model.

H1. Customer brand engagement (CBE) is positively associated with purchase intentions (PI).
H2. The relationship between information motivation (IM) and purchase intentions (PI) is mediated by
information motivation
H3. Information motivation (IM) is positively associated with purchase intention.
H4. Customer brand engagement (CBE) is positively associated with information motivation (IM).

4. Method
4.1. Sample and data collection
The sampling frame of the research consists of students from one of the well-known university in
Istanbul, Turkey. Undergraduate students completed the paper and pen survey in the class. Students were
representative of young population that is active on Facebook. All respondents had Facebook profiles. A
total of three-hundred and eight students participated in the study. After removing invalid or incomplete
responses, 297 valid responses were obtained for the final analysis. The average age of students was 19.8
years and the sample had 42.2% females.
4.2. Measures
All the constructs in the study were measured by five-point multi-item scales (“1” = strongly
disagree and “5” = strongly agree) which were either adapted extant literature and modified to suit the
study context (see Table 2). Table 2 indicates the specific items and the measurement features of the
research scales.
Facebook is commonly used by students. popular among students. Facebook has been seen as a
digital public arena where young consumers can attach virtually, and its popularity among this age
companion in part mirrors younger consumers’ motivations to gain interest from others (Bowley, 2006).
Furthermore, past studies of Facebook users employed student populations (e.g. Hunt et al., 2012; Lewis
et al., 2008; Patterson, 2011). Further, student samples have importance for the constructs of the study.
To inspire responses of the students, extra grade was offered as an incentive. Sample population is 308.
As the literature takes into account “likes” as a manifest variable of brand management on social
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networks (Chauhan and Pillai, 2013; Hoffman and Fodor, 2010; Malthora et al., 2013). Participants were
required to determine a brand they “liked” on Facebook. Brands “liked” were in the following categories;
fashion brands 20%, sports wear 15%, cosmetics 15 %, electronics 10%, other web sites 40%.
The participants were asked to report their average daily Facebook usage in hour/minutes. Also, a
pre-test of the questionnaire was administered to 30 students that they could understand the statements
correctly. Based on their feedback, minor modifications were made to finalize the survey.
Information motivations were measured by three items adapted from Ko et al. (2009) and Cousins
and Menguc (2006). Customer-brand engagements were measured by six items adapted from Keller
(2011). Purchase intentions were measured by seven items adapted from Cronin et.al. (2000), Ha and
Janda (2012).
4.3. Model estimation and results
A structural equation modeling (SEM) with partial least square (PLS) approach was used to test
the proposed model and the hypotheses. The PLS was selected for the following reasons: (a) the focus of
this study is to predict the purchase intentions, and (b) the study uses latent variables' scores in further
mediation analysis (Hair, Hult, Ringle, & Sarstedt, 2016). PLS analysis was conducted using the
SmartPLS 3.2.4 software (Ringle, Wende, & Becker, 2015). The mediation analysis was carried out using
in SmartPLS.
Since this study is based on self-reported data, the potential issue of common method variance
(CMV) was analyzed (Podsakoff, MacKenzie, Lee, & Podsakoff, 2003). As a preemptive approach, to
reduce the likelihood of CMV students were assured of anonymity and confidentiality (Chang,
Witteloostuijn, & Eden, 2010). A post hoc Harman's singlefactor test revealed that the first factor
accounts only for 22% of the variance. Further, marker-variable technique was performed for CMV
validity checks and results indicated that the difference between the original and CMV-adjusted
correlations were very small (≤0.06) for all the relevant constructs (Lindell & Whitney, 2001). Hence, it
can be concluded that CMV does not seriously distort the results and predictions in this study.
Table 01. Scale Statistics: Means, Standard Deviations, Measure Reliabilities, and Correlations
Construct
1.Customer-Brand engagement
(CBE)
2. Information motivation (IM)
4. Purchase intention (PI)

Number
of Items

α

M

SD

Correlations
1
2

6

.86

3,94

1.12

.764

3
7

.76
.92

3.80
3.19

1.29
1.22

.467**
.742**

.821
.418**

3

.829

** Correlation is significant at the .01 level (2-tailed)
Notes: α= cronbach alpha, M = mean, SD = standart deviation

4.3.1 Assessment of the measurement model
An evaluation of the measurement model was undertaken by assessing internal consistency
(composite reliability), item-indicator reliability, convergent validity, and discriminant validity. All the
outer loadings of the constructs were statistically significant, and the composite reliability (CR) values
were above the recommended value of 0.7 (Table 2). The average variance extracted (AVE) values were
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above the recommended value of 0.5 and hence, the convergent validity of constructs was established
(Hair et al., 2016).
The discriminant validity was confirmed by examining the cross loadings and through the FornellLarcker criteria. Each indicator's loading was checked, and none loaded higher on any construct other
than on its own. The square root of AVE for each construct was higher than the inter-construct
correlations (Table 3).
In Table 3, both traditional Fornell-Lacker criterion and Heteotrait-Monotrait ratio of correlations
(HTMT) indicate confirmation of discriminant validity (Henseler, Ringle, & Sarstedt, 2015).

Table 2. Measurement model.
Model (n = 297)
Construct

Loadings

CBE-Customer-Brand
engagement
CBE1

.709

CBE2

.702

CBE3

.808

CBE4

.766

CBE5

.796

CBE6

.844

IM-Information motivation
IM1

.847

IM2

.839

IM3
PI-Purchasel intention
(Endogenous constructst)
PI1

.775

PI2

.852

PI3

.761

PI4

.893

PI5

.842

PI6

.831

PI7

.782

Composite
reliability (CR)

Average
variance
extracted (AVE)

.89

.58

.86

.67

.94

.68

.837

Note: t-values for the item loadings to two-tailed test: t > 1.96 at p < 0.05, t > 2.57 at p < 0.01, t > 3.29 at p <
0.001.
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Table 03. Discriminant validity assessment.
Fornell–Larcker

Model (n = 297)

CBE
IM
PI
Customer-Brand engagement (CBE)
.764
Information motivation (IM)
.467
.821
Purchase intention (PI)
.742
.428
.829
The diagonal elements (bold) are the square roots of the AVEs; off-diagonal elements are the
correlations between constructs.
Model (n = 297)
CBE
Customer-Brand engagement (CBE)

n.a.

Information motivation (IM)

.557

Purchase intention (PI)

.819

IM

PI

.508

CBE: customer-brand engagement; IM: information motivation; PI: purchase intention., n.a.: non-available

4.3.2 Assessment of the structural model
The structural model was estimated using the bias-corrected and accelerated (Efron, 1987)
bootstrapping procedure with 5000 resamples. The predictors were checked for multicollinearity using
VIF values for each construct, which were lower than the recommended value of 5 (Hair et al., 2016).
The R2 value of 21% (p < 0.001) was obtained for predicting the information motivation and R2 value of
56% (p < 0.001) purchase intentions in the model. The blindfolding procedure was performed (omission
distance = 7) to obtain cross-validated redundancy measures for each dependent construct. The resulting
positive Q2 value for information motivation (0.118) and Q2 value for purchase intention (0.375) indicates
that the model has predictive relevance.
We followed the recommendations from Henseler et al. (2014) to assess the overall model fit by
using standardized root mean square residual (SRMR) as an index for model validation. Generally, values
below 0.08 are considered favorable (Hu & Bentler, 1999). The model estimation with PLS reveals a
SRMR value of 0.067 and the estimation with PLSc indicates a SRMR value of 0.038.
The PLS analysis results (Table 5 and Fig.2) indicate that CBE significantly influence IM (path
coefficient = 0.467, t =7.426; H1 is supported). Information motivation of consumers has a positive and
significant relationship with purchase intentions (path coefficient= 0.130, p = 1.961; H2 is supported).
CBE has the strongest influence on PI (path coefficient= 0.696, p = 11.952; H2 is supported).
The results shown in Fig. 2 (Model A), indicate that greater CBE triggers a positive total influence
on the PI (c = .742, t= 18.695). The accuracy performance of this model is 55% in terms of R2 and the
sign of the control variables follows the theoretical assumption of the literature. Though, to raise the
accuracy ability of the model, the study shows a second construct (IM). As shown in Table 5 and Fig.2
(Model B), when taking IM into account
The explanatory power of PI increases substantially (21.8%), to reach 55.6%, which highlights
the significant influence that IM has on the PI.
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A.Model with total effect (Model A)
Customer-Brand
Engagement
(CBE)

Purchase
Intention
(PI)

c= .742 ***
(t=18.695)

R2= .551

B. Model with three-path mediated effect (Model B)
Information
Motivation
(IM)
a1=.467***
(t=7.452)

Customer-Brand
Engagement
(CBE)

R2= .218

b1=.130***
(t=1.961)

Purchase
Intention
(PI)

1

c =.696***
(t=11.952)

R2= .551

Figure 02. Structural model results.
All the direct effects in Fig. 1B are significant. The percentile bootstrap at a 95% confidence
interval also has this outcome (Table 3). All the direct effects in Fig. 1B are significant. The percentile
bootstrap at a 95% confidence interval also has this outcome (Table 4).
Table 03. Parameters from hypothesis tests.
Hypothesis

β Path coefficients

T-statistics

Support

H1 (+) CBE→IM

.467

7.426

Yes

H3 (+) IM→PI

.100

1.961

Yes

H4 (+) CBE→PI

.696

11.952

Yes

R2 (IM) = .218, R2 (PI) = .560, Q2 (IM) = .118, Q2 (PI) = .375
⁎⁎⁎p < 0.001, ⁎p < 0.05 (based on t(999), tail test).

Table 04. Effects on endogenous variables.
Effects on endogenous
variables
Information motivation
(IM)
(R2 = 0.218)
• Purchase Intention (a1)
Purchase Intention
(R2 = 0.551/Q2 = 0.118)
• H1: Customer-brand
engagement (c')
• Information motivation
(b1)

Direct
effect

t-Value
(bootstrap)

Percentile 95% confidence
interval

Explained
variance

.467

7.452

[0.32; 0.45] Sig

236%

.696

11.952

[0.56; 0.67] Sig

55%

.130

1.961

[0.24; 0. 35] Sig

11.84%

p < 0.001, ⁎⁎ p < 0.01 (based on t(4999), one-tailed test) t(0.01. 4999) = 2.33, t(0.001, 4999) = 3.09 Sig. denotes a
significant direct effect at 0.05.
⁎⁎⁎
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4.3. Mediation analysis
Tests on the mediation hypotheses (H2) use an application of the analytical approach that Hayes,
Preacher, and Myers (2011) describe. Fig. 2A shows the total effect (c) of customer-brand engagement
(CBE) on purchase intention (PI). Fig. 2B expresses the total effect of CBE on PI as the sum of the direct
(c′) and indirect effects (a1b1). The estimation of the latter uses the product of the path coefficients for
each of the paths in the mediational chain.
The application of bootstrapping permits for testing of the mediation hypotheses (Preacher, &
Hayes, 2008). This study's 5000 resamples generate 95% confidence intervals (percentile) for the
mediator. As Fig. 1A and Table 4 indicate, CBE has a significant total effect on PI (c = 0.742; t = 18.695).
When adding the mediator (Fig. 1B), CBE decreases its influence, but maintains a significant direct effect
on PI (H3: c′ = 0.696; t = 11.952). Thus, this result supports H1, and, moreover, H2 and H3. This result
means that both indirect effects of CBE on PI in the research model are significant. Consequently, Table
4 shows that both the IM (H2: a1b1) partially mediate the relationship between CBE and PI.
Table 05. Summary of mediating effect tests
Total effect of CBE on
PI
Coefficient

.742***

Direct effect of CBE on PI

t-value

H1 =
c'

18.695

a5,000 bootstrap samples.

⁎⁎⁎

Coefficient

t-value

.696

11.952

Indirect effect of CBE on PI
Point
estimate

Percentile of
bootstrapa
95% confidence
interval

Total effect = a1b1

15,083

H2 = a1b1 (via IM)

22,554

p < 0.001 (based on t(4999), one-tailed test) t(0.001, 4999) = 3.09.

5. Results
In this study, partial least squares (PLS) was used to analyse the data and test the hypotheses
model, by employing SmartPLS software to analyse the measurement and structural models. PLS
facilitates the analysis of complex models with many manifest and latent variables (Henseler, Ringle, and
Sinkovics, 2009). In addition, PLS deploys a component-based approach which lowers the requirement
for sample size and residual distributions (Gefen, Straub, & Boudreau, 2000). PLS also does not demand
stringent assumptions about the manifest and latent variables' distributions, which is best for testing data
with skewed or non-normal distributions, or the inter-related observations (Falk & Miller, 1992).
Table 1 shows the descriptive statistics. Table 2 indicates the reliability test of all the
measurements. The composite reliability (CR) and average variance extracted (AVE) indicate the
reliability of each construct. As Table 2 shows, the minimum CR value is 0.86, well above the threshold
of 0.70. The AVE values of all the constructs are above 0.58, also exceeding the recommended 0.50
threshold (Hulland, 1999). To evaluate discriminant validity, we measured whether the square root of
each construct's AVE was larger than the correlations between the latent constructs and whether crossloading occurred. None of the aforementioned issues existed. In summary, the measurements present
good reliability, discriminant validity (Table 3), and convergent validity.
Table 4 reports the results of hypotheses testing. H1 states that CBE increases IM, which in turn
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increases PI. As Table 4 shows, the impact of CBE on IM is positively significant (β = 0.467, p < 0.001),
and H3 states that IM positively and significantly influences PI (β = 0.130, p < 0.001). H4 states that CBE
positively and significantly influence PI (β = 0.696, p < 0.001).

We further used bootstrapping

techniques to test the mediating role of information motivation (IM) (Shrout rea Bolger, 2002).

6. Conclusion and Discussions
6.1. Theoretical Implications
Academically, this study builds on social media literature by empirically examining antecedents
and outcomes of purchase intention (Smith, Dinev, and Xu 2011). Although the popularity of social
media and the fact that marketing practitioners are turning to social media as necessary platforms, little
academic research has been performed to help marketing practitioners understand the best practices for
creating customers’ purchase intention. The results offer some guidance for engaging consumers through
carefully designed message and information content and message cues to foster and generate purchase
intention.
6.2. Managerial Implications
Marketing practitioners must meet consumers’ motivations for information and engagement to
heighten relationships, which then create purchase intention. That is, when marketers develop social
media pages that allow consumers to feel entertained and informed by connected with brands, friends and
improve customer equity.
6.3. Limitations and further research
In this research, liking and commenting behaviors of participants were used as part of consumer
engagement with brands on Facebook. However, the recently introduced “share” function, which gives
the users the opportunity to share posts on their timeline has also become quite popular among consumers.
In fact, now whenever there is a new post on Facebook, there are three buttons below each post for
consumers to choose from: like, comment and share. Future studies nd test the relationships between
personality traits, modes of interaction and sharing in the way we tested our conceptual model. The
profile of our respondents fits the overall profile of heavy social media users. However, given the
increasing use of social media by different age cohorts, future studies may want to test should extend our
conceptual model by including “share” in addition to liking and commenting behaviors our model with
respondents from different age groups to see if the results will hold. Finally, while we agree with Sashi
(2012) that there is a need for more studies on the nature of consumer engagement in social media, it is
also necessary to understand the effects of heavily discussed engagement behaviors on brands’ financial
performance. For example, in this study, we investigated liking and commenting behaviors as examples
of consumer engagement and presented a model
That included the factors that affect those two types of behaviors. However, it would be critical
and useful for brands to understand if such behavior results in higher likelihood of purchase of the same
brand by the consumers who liked or commented on the brand’s Facebook page.
This study contributes to the proposed theory and provides imperative implications for practice,
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but several limitations exist, thus suggesting direction for further research. First, the data came from a
single country. As such, the findings are restricted to a specific national context. These differences affect
the generalizability of the empirical results to other countries. One of the major limitations of this study
is that data was collected only from Facebook in social media world. Future research should take into
account to analyze the relationship between the study constructs (CBE, IM, and PI) in different social
media platforms such as Twitter, Instagram, Youtube etc. This study identifies quantity and creditability
as one outcome construct; future studies may consider the other dimensions of customer loyalty.
Furthermore, future studies should consider other dimensions of customer-brand engagement as an
antecedent variable. Since in this study social dimension of brand engagement was used. Overall, we
believe that despite its limitations, this research is an important step in understanding the motives and
factors affecting consumers’ Facebook behavior and customer-brand engagement, information motivation
and purchase intention in social media, and it offers useful insights for practitioners intending to use
Facebook as part of their marketing strategy.
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